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The preponderance of the literature on early life adversity suggests that 
adversity has negative effects on later life health; however, an emerging body of 
literature suggests that early life adversity may develop a sense of resilience in 
individuals. Drawing from life course perspective, the present research seeks to 
address this by asking how 16 early life adversities affect individuals’ health over a 20 
year period in adulthood. Further, the present research seeks to understand how 
individuals’ perceptions of their health over the next few years may actually impact 
their health seven years later.  In general, the more adversity a person experienced 
early in life, the poorer they rated their health in later life. A numbered of controlled 
effects, including race, adult income, and neuroticism, appear to complicate this 
relationship; suggesting the relationship between adversity and health is complicated.  
Further, belief in one’s future health, be it positive or negative, was significantly 
related to a number of subjective health measures seven years later.  
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CHAPTER I: INTRODUCTION 
 
 
Harmful Effects of Early Life Adversity 
 
Children can experience all sorts of unfortunate events and conditions such as, 
physical or mental abuse, poverty, homelessness, or malnutrition. Although there are 
exceptional cases in which adversity has indeed had a strengthening effect in some 
domains for some people, the general case seems to be that adversity has more 
negative than positive effects later in the life- course line. Research seems to bear out 
the more general case. For example, children born of low birth weight (Barker 2003), 
or born into poverty of less educated parents (Hayward and Gorman 2004) are more 
apt to experience adult health problems such as cancer, lung disease, arthritis, diabetes, 
heart disease and depression (Blackwell, Hayward, and Crimmins 2001). They are 
more likely to have high allostatic loads and stress (Friedman et al. 2015). Similarly, 
behaviors such as mothers’ smoking (Kuh et al. 2009) affect both mental health and 
physical health problems, as well as the obvious inevitable result of these kinds of 
problems, namely higher mortality rates. Unhealthy nutrition, whether witting or 
unwitting has the same effect (Godfrey et al. 1996). Thus, it seems empirically quite 
evident that suffering adversities in childhood is associated with poor health outcomes 
in adulthood. 
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Not only does early adversity make itself felt in later life health, it also affects 
individuals’ life choices and ability to achieve over the life course. People who have 
experienced early inauspicious family and peer relationships such as psychological, 
physical and sexual abuse, as well as violence in the home, and having a mentally ill or 
drug using parent, are less likely to graduate high school and accumulate less wealth 
over the life course than their counterparts who have not had such experiences (Felitti et 
al. 1998). 
These more general findings seem sensible in light of more specific behaviors 
on the part of those who have faced these kinds of adversity early in life. Compared to 
people who have had more felicitous early experiences, they are more likely to smoke 
in later life (Felitti et al. 1998; Jefferies et al. 2004), be overweight (Williamson et al. 
2002), attempt suicide (Dube et al. 2001; Felitti et al. 1998), have an unintended 
pregnancy (Dietz et al. 1999), or engage in risky sexual behaviors (Felitti et al. 1998). 
Thus, it is clear that early adversity has enduring effects over the life course in terms of 
health, economic outcomes, and life choices -- major and minor. The present study is 
primarily concerned with understanding how early life adversity affects one’s health in 
later life, using both objective and subjective health measures over a period of 20 
years. 
The Importance of Life Course Perspective 
 
Previous research and life course theory stresses the importance of 
understanding life outcomes from conception to death. This study seeks to further that 
effort. According to that general view we can say that we all carry with us our 
previous successes and failures, which inform present expectations and choices, as 
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social learning theory observes (Bandura 1977; Rotter 1954). But the question arises, 
what is it in our backgrounds that informs our choices? Whether or not a student 
chooses to go to college will depend a great deal upon previous successes and failures, 
prior choices, and external exigencies. Even if she or he does choose to go to college, 
the same kinds of factors will influence the college of choice. In order to understand 
that, we would need to know what the previous 18 years have been like. It would not 
be enough to simply understand the then extant cognitive dynamics going into the 
choice. Thus, for practical purposes, some might say that simply centering on the 
choices we make may suffice, but for sociological and social psychological theory and 
research, more is needed -- namely a more full picture.  Therefore, this study seeks to 
extend our understanding of health over the life course by examining how adversities 
in childhood, personality, and personal control affect health in later life. 
However, even from this practical standpoint, in understanding early life 
adversity and its later and cumulating consequences over the life course, we might be 
able to find the most advantageous places to intervene for the benefit of the individual 
and his or her society. In my example above, there may be differential reasons for why 
one person goes to college and the other one does not. Poverty, illness, parental loss, or 
health problems may interfere with college plans. For others, blessed with many 
benefits, the choice of going to college may seem more an inevitability than a choice. 
Not only is this kind of work important for seemingly every day choices, it 
takes on even more importance for understanding and progressing in solving some 
psychological and social problems. Thus, in some small way it may contribute to lower 
rates of incarceration in prisons, admission to hospitals -- psychiatric or medical -- and 
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perhaps even doctor visits. The question can be framed in terms of “tipping points.” 
There may be a number and type of early adversities necessary to bring on later 




Recall that I pointed out that the general case seems to be that adversity tends 
to be associated with negative later outcomes. Yet, there is a literature regarding 
resilience, and this may account for why some people are affected by early life 
adversity much less negatively – or indeed positively -- by difficulties early in life. 
Some may hold a higher sense of personal control (or in other words, self-efficacy). 
For example, advanced educational attainment and success has been found to offset the 
negative effects of early life adversity (Friedman et al. 2015). An interesting 
implication of the resiliency model is that not having any, or enough, early life 
adversities, may be associated with greater sensitivity to future adversities (Liu 2015).  
In a series of studies, Seery and colleagues found cumulative lifetime adversity was 
curvilinearly related to impairment and health care utilization (Seery, Holman, and 
Silver 2010; Seery et al. 2010), as well as to cardiovascular reactivity to an ostensible 
intellectual assessment test, and to pain tolerance response in college students (Seery et 
al. 2013). Low and high lifetime adversity, relative to moderate lifetime adversity, are 
also associated with poorer response to recent stressors in later life (Seery et al. 2010). 
Others may possess personality characteristics, such as the temperamental personality 
characteristic known as neurosis, that cause adversity to make itself felt more acutely 





This thesis will rest upon three lines of theory for the argument above. First, 
from the life course theoretical perspective, the present research draws from Ferraro 
and colleagues’ (2009) middle-range Cumulative Inequality Theory in accounting for 
the effects of early life adversity. Second, it should be clear that events do occur early 
in life, but perhaps it is in how we remember them that relates to their effects. Thus, the 
memories we have of past experiences can become integrated into our sense of self. In 
this way, we can have self-concepts surrounding how healthy we have been, are, and 
will be in the future, and these can be affected by early adversity. Finally, I invoke 
social learning theory in accounting for optimism for our health in the future and its 
actual effect on even later health. 
The preponderance of the literature on early life adversity suggests that 
adversity has negative effects on later life health; however, an emerging body of 
literature suggests that early life adversity may develop a sense of resilience in 
individuals (Garmezy 1991; Murphy and Moriarity 1976; Werner 1995). Or perhaps 
adversity is curvilinearly related to heath, meaning a little adversity, to a certain point, 
is healthy, but after that it becomes unhealthy (Seery et al. 2013). The present research 
seeks to address this by asking how 16 early life adversities affect individuals’ health 
over a 20 year period in adulthood. Further, the present research seeks to understand 
how individuals’ perceptions of their health over the next few years may actually 
impact their health seven years later. 
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CHAPTER II: THEORY 
 
 
Life Course Theory 
 
The present study first begins from a life course theory perspective, which 
stresses the importance of considering all events over the life course that maybe related 
to your outcomes of interest as well as how any of these are correlated with each other. 
In other words, one negative or positive outcome in early life could contribute to 
several negatives in a string or together at once or both. On the other hand, one 
positive early in life could to lead to other positives. These events together could be 
thought of as shaping and even changing one’s life trajectory. For example, growing 
up in poverty may increase your risk for not having as much parental support and 
attending poorer schools which may lead to higher risk of incarceration which could 
lead to someone not having the opportunity to attend college; therefore, having lower 
income over the life course they are significantly more likely to die at a younger age. 
Theoretically, if we could understand the links between variables over the life course, 
we could find the best places to intervene.  In doing this, we could lower incarceration 
rates, increase productivity in society, keep families together, lower health care costs, 
etc.  In turn helping society at macro level, while also helping individuals and families.   
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A recent study found that “…family socioeconomic status can leave a long-
lasting stamp on mental health via the self-concept and the chronic stress of poverty on 
physical health throughout the life course” (Mossakowski 2015:52).  This is evidence 
that we must make an effort to see health problems in later life from a life course 
perspective. 
Life course theory is considered in almost all gerontological research. Social 
gerontologists understand it is important to consider how early life events impact later 
life. They seem to understand why it is important to understand the links and that we 
must develop more theories from a life course perspective, but in practice, this is very 
hard because of lack of longitudinal data. The present study attempts to better 
understand later life health based on many different mechanism throughout the life 
course. However, even in the present study, all Time 1 data were collected when 
participants were between ages 18-98, and relies on retroactive reports of earlier life 
events. 
Cumulative Inequality Theory 
 
In order to better understand how advantage and disadvantage operate over the 
life course, Ferraro, Shippee, and Schafer (2009) put forth cumulative inequality (CI) 
theory. CI theory is a middle range theory which seeks to help explain how both 
micro- and macro sociological influences impact individuals over the life course. CI 
theory lays out five axioms to help understand the persistent and pervasive effects of 
disadvantage over the life course, while also attempting to understand and explain how 
advantage affects individuals over the life course. Disadvantage has been shown to 
compound over the life course, especially when disadvantages are experienced early in 
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the life course and persist.  On the other hand, advantage seems to have a continual 
impact on individuals over the life course as well. Therefore, CI theory seeks to 
understand how inequality builds and accumulates between people. 
Axiom 1- Social Systems and Structures 
 
The first axiom of CI theory stresses the importance of social systems and 
structures in creating and perpetuating inequality among people (Ferraro et al. 2009). 
Previous theoretical paradigms usually view advantage or disadvantage as properties 
of the individuals; CI theory stresses the importance of examining the structural 
properties of the system which create and/or perpetuate inequality between 
individuals.  For example, individuals can make choices to improve or harm their 
situation, but they can only choose from choices that are readily available to them 
given their situation. Thus, while agency is important and discussed in another axiom 
of CI theory, it is equally important to examine and understand how social systems 
generate inequality. 
Further, CI theory posits that we can see the structural effects of inequality 
among people through demographic processes and developmental processes (Ferraro 
et al. 2009).  Demographic processes refer to cohort-linked events and developmental 
processes refer to age- specific events or experiences. CI theory makes it clear that 
these are not the same construct and cannot be interpreted simply with age. Cohort, 
while it does reflect the age of persons who were born at the same time, also reflects 
population level characteristics such as cohort size and available structural resources.  
Cohorts thus reflect the context for individual development to take place; however, 
within a given cohort inequality accumulates over the life course differently for 
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specific individuals. This specific development is what is reflected in the 
developmental processes and it encompasses both genetics and social organization at a 
given point in history (Ferraro et al. 2009). Thus it is very important to study both in 
order to fully understand how advantages and disadvantages impact individuals over 
the life course. 
Within the first axiom of CI theory, it is recognized that childhood conditions 
and early life events are important to differential outcomes in adulthood. Due to the 
connectedness of different life stages, these early life events are what lays the ground 
work for the rest of the life course.  In much of the literature, early life is considered a 
critical time period for development that often leads to either greater accumulation of 
advantage or disadvantage over the life course (Barker 2003; Ferraro et al. 2009). 
CI theory highlights the importance of intergenerational transmissions of 
inequality, specifically in early life. For example, previous research shows that people 
suffer from chronic conditions due to exposure in early and later life because of the 
complex accumulation of illness across generations (Lynch and Smith 2005). Also 
encompassed in the first axiom of CI theory, which focuses on structural causes, is the 
importance of family history through genetic, psychological, economic, and ecological 
means (Ferraro et al. 2009). Basically, CI theory first points out that structures in 
society create inequality among people in a number of ways and we must examine 
these to understand how inequality develops and continues over the life course. 
Thus the present study seeks to understand how disadvantage in early life during this 
critical period may lead to differing perceptions of later life health, regardless of actual 
health. 
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Axiom 2- The Matthew Effect 
 
The second axiom of CI theory posits that disadvantage increases individuals’ 
exposure to risk over the life course, while advantage increases individuals’ exposure 
to benefits (Ferraro et al. 2009). This is very similar to the Matthew Effect, which 
basically states that as the rich get richer, the poor get poorer (Merton 1968; 1988). CI 
theory focuses on the accumulation of advantages or disadvantages over the life 
course. Contrary to previous theories, CI theory does not necessarily assume the two 
are opposites. Most previous research has assumed that if an individual is not 
accumulating advantages, they are accumulating disadvantages. However, according 
to CI theory we cannot assume that the positive effect of a given advantage is equal to 
the negative effect of a given disadvantage. While this might be the case, it is also 
likely that long-term advantage may have a less positive effect than the detrimental 
effects of long-term disadvantage. Advantage and disadvantage may also vary based 
on age at onset, length of exposure, and severity. Further, at any given point in the life 
course, individuals may hold both positions of advantage and disadvantage. Therefore, 
the second axiom stresses that we must examine the two separately, both qualitatively 
and quantitatively, to understand how certain advantages over the life course can be 
associated with certain successes, while certain disadvantages over the life course 
maybe associated with certain failures (Ferraro et al. 2009). Thus the present study will 
be controlling for a number of factors that could be deemed as the accumulation of 
disadvantage after experiencing early life adversity in order to best understand the 
relationship between early life adversity and later life health. 
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Axiom 3- Life Course Perspective 
 
The third theoretical axiom of CI theory focuses on the fact that life course 
trajectories encompass every part of individuals’ lives. They are formed by the 
accumulation of risk exposures such as abuse or financial hardship, the availability of 
resources such as social support or education, and each individual’s sense of personal 
control over their situation (Ferraro et al. 2009). Thus in this formulation, early 
disadvantage can lead to increased exposure to risk and fewer available resources over 
the life course. This would lead to poorer physical health outcomes at all stages of 
adulthood and a decreased sense of personal control.  On the other hand, increases in 
social, economic, and psychological resources can lead to changes in life trajectories.  
Hence, someone who experienced increases in resources over the life course may not 
have poorer health and a decreased sense of control. Thus, as we try to study and 
understand how inequality develops over the life course by examining individuals’ 
trajectories, we must take every aspect of individuals’ lives into account to the best of 
our ability. Again, CI theory highlights the need to try to control for life course factors 
in the present study. 
Axiom 4- Perception 
 
While all of the axioms of CI theory are relevant to the present study, the main 
focus of this work is on axiom four. Previous research on adversity and the life course 
has sought to link some early life event, like experiencing some type of adversity, to a 
later life outcome, usually a health outcome. While this research has provided us with 
great insight and been very helpful in our understanding of early life events and their 
impact over the life course, perceptions of life events have been somewhat ignored. 
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Thus the majority of previous research focuses only on axioms one, two, three, and 
five, without considering axiom four of CI theory. Yet we know from previous 
research and theory that individuals’ perceptions of their situation and life course 
events may even have a greater impact than actual life events; thus, it is important for 
further research to consider how individuals’ perceptions impact the outcomes we are 
interested in.  While a great deal of research has sought to understand and explain how 
early life events lead to later life health outcomes, far less research has focused on 
how people interpret their lives and the impact perceptions may have on later life 
health outcomes. 
We can begin to define the self, in much the same way as did William James as 
involving everything one is and everything one owns. He divided this most general 
notion into the material self, the social self and the spiritual self. Following this, Owens 
adds that the self is “...an organized and interactive system of thoughts, feelings, 
identities and motives that (1) is born of self-reflexivity and language, (2) people 
attribute to themselves, and (3) characterize specific human beings” (Owens 
2003:206). 
When we say it is born of self-reflexivity, we imply that, according to Mead 
(1929), it is a particular quality of humans to have the ability to be both the initiator 
and the evaluator of one’s actions, famously seen as the “I” and the “Me”. When we 
say it is also born of language, then it is also clear that we tend, as Mead asserted, to 




as sort of an internal conversation. Furthermore, the idea of the self implies that it is at 
bottom phenomenological, that is, having to do with perception. Putting these ideas 
together we can say that the self is both the perceiver and the perceived. 
Self-awareness then can beget self-knowledge, but the veracity of that self-
knowledge cannot be considered the acid test of that knowledge. In Owens’s terms, it 
involves things that individuals attribute to themselves and these attributions, like the 
attributions supplied to others, can be mistaken. The issue here is that these attributions 
give a person a sense of self-knowledge. 
I take the theoretical starting point of self for my study as it is seemingly 
implicated in my survey method (and in any survey method) inasmuch as whenever 
one is asked a question on an instrument, the self comes to the fore by precisely the 
mechanisms of the self. This comports with the notion of the working self (Hinkley 
and Andersen 1996), namely, that part of the self that comes into consciousness for 
each question asked. Moreover, the self is seemingly involved in the other theoretical 
perspectives entailed in this axiom. Thus, biographical memory influences self-
concepts and -perceptions. Any measure of personality asks people to reflect upon 
their image themselves. Control theories certainly ask people to consciously evaluate 
the control they feel they have over their lives, and finally, it is clear that even though 
Bandura started social learning theory as a combination of behaviorism and cognition, 
he now includes a healthy dose of self-perceptions. 
Axiom 5- Premature Mortality 
 
The last axiom of CI theory stresses the fact that cumulative inequality may 
lead to premature mortality, which is the ultimate health outcome, for individuals who 
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have experienced significant disadvantage over the life course (Ferraro et al. 2009). 
Therefore, as disadvantaged individuals leave the population pool, the population 
changes. Consequently, this gives the appearance of less inequality in later life. This is 
important to realize because the leveling of inequality we often see in research on later 
life is probably due to selective survival of individuals who have not accumulated 
disadvantage over the life course. Further, this could also be due to specific 
individual’s acquisition of resources over the life course to better deal with challenges.  
It is clear that the greater inequality in society, the more the population will change as 
we study older adults (Ferraro et al. 2009). This is not a problem that is easily solved 
and researchers should be aware when drawing conclusions about inequality in later 
life. 
Personality: The Big Five 
 
In recent years, personality traits have become major predictors of important 
health and well-being outcomes (Hampson and Friedman 2008). Previous 
psychological research specifies five axes of all human personality traits. This is 
widely considered the Big Five taxonomy of personality. These five personality axes 
include openness, which involves flexibility, cultural passion, and attunement to 
environmental events; conscientiousness, which involves self- discipline, achievement 
striving, and diligence; extraversion, in which individuals tend toward positive mood, 
sociability, activity, and excitement seeking or social disinhibition; agreeableness, 




compassion for others”; and lastly, neuroticism, “which is characterized by negative 
emotions such as anxiety, depression, and anger, an inability to cope with the 
challenges of life, and emotional instability” (Costa and McCrea 1992:312). 
The Big Five approach has been used in health research since the early 1990s. 
This research has explored the role of each of the Big Five personality facets in both 
health behaviors and health outcomes. For example, openness is associated with 
decreased risk for all-cause mortality and lower risk for cardiovascular disease (CVD) 
(Turiano, Sprio, and Mroczek 2012). Conscientiousness is associated with lower all-
cause mortality, maintaining healthy diet, and abstaining from negative health 
behaviors, such as smoking, drinking alcohol, and using illegal drugs (Bogg and 
Roberts 2004; Hill, et al. 2011; Iwasa et al. 2008). These findings are consistent even 
when controlling for sociodemographic characteristics, such as age, gender, education, 
and socioeconomic status. 
Personal Control Theory 
 
There is a broad psychological literature on internal versus external control of 
outcomes, which are usually referred to as locus of control. Briefly, internal control 
refers to the extent to which an individual attributes an outcome to their own behavior 
(Rotter 1990). External control refers to the extent to which an individual attributes an 
outcome as unpredictable or controlled by some outside sources (Rotter 1990).  In 
much of the literature on aging and health, locus of control is referred to as personal 




Social Cognitive Theory 
 
Social Cognitive Theory is the most modern incarnation of Bandura’s Social 
Learning Theory. In the past, under the name of social learning theory, he was content 
to expand notions of behaviorism, which had taken a purely external operant 
viewpoint in explaining behavior. He did this by noticing that we mostly learn by 
observing the positive and negative reinforcements as well as punishments dealt out to 
others rather than directly to ourselves. He later began to encompass belief systems in 
his formulation. However, at the same time, he seems to have rejected the omnibus 
measures of control so favored by the likes of Rotter and Seligman, restricting as 
proper for analysis more specific ideas of self-efficacy. In his formulation, self- 
efficacy beliefs are more specifically tailored to specific domains of life, making 
global measures of personal control less effective. 
However, it does not appear that he is entirely consistent within this general, 
domain specific framework inasmuch as he does tie his self-efficacy to what can be 
sensibly called, at the very least, personality characteristics. For example, he rejects the 
symbolic interaction idea of the duality of the self (reflexivity via the “I” and “Me”), 
preferring to see the self as a having a unified quality which does its own initiating and 
self-evaluation. Furthermore, he suggests that self-efficacy can account for a general 
trait of resiliency. Tying this to optimism, he asserts that it is through self-efficacy that 
we come to believe in positive affirmative processes (pushing towards success) rather 
than negative, defensive processes (avoiding failure). I take his theoretical comments to 
suggest that Social Cognitive Theory may suggest that those who optimistically predict 




Given that many of my measures require recollections of participants’ lives, a 
few comments seem in order about the effects of a remembered past. As Hewitt 
(1997) suggests, the self, in symbolic interactional terms, is both a situated object and 
a biographical object. In order to have a unified sense of self, one uses memories to 
consolidate a present self. That is, we have a sense of what one was, is now, and what 
one might be in the future based upon previous experiences. According to Conway 
and Pleydell-Pearce’s (2000) Self-Memory System the autobiographical memory is 
important for the self in the sense that it is memories of past experiences that 
influences our presently experienced goals of the self. By extension, negative 
memories are more resistant to forgetting (Conway 2005), and thereby can influence 
present well-being. Memories form, as it were, an underlying data base for the 
construction of a self. This is important for this study inasmuch as what MIDUS asked 
of people was essentially a report on their past experiences, both structural and 
familial. It is in remembering these experiences that the autobiographical knowledge 
base places boundaries on the goals and prospects any individual can hold. In this 








The Memphis Police Department recently integrated a program that uses 
software that predicts where and when crimes are going to happen in their city. Using 
IBM’s SPSS predictive analytics software, an algorithm takes data from all police 
cameras in the city and assesses whether or not “hotspots” for crime can be identified.  
The algorithm, for example, scans for time of day, area of the city, and number of 
people involved in crimes, in order to assess if police could be dispersed to specific 
areas at certain times in order to limit the number of violent crimes. They found the 
program extremely helpful. Targeted police operations, “…resulted in more than 50 
arrests of drug dealers. Since 2006, carjackings were down nearly 75 percent citywide, 
and business robberies were down about 67 percent” (Phelps 2010:1). The program 
works. 
Imagine having an algorithm we could program into a computer that would tell 
us about health “hotspots” over the life course. We would be able to understand when 
intervention is needed and why. We would be clear which individuals are most at risk 
of negative health outcomes and how we can correct those using behavioral 
mechanisms. An algorithm like this can never exist until we understand the links 
between all relevant health events over the life course. Which events are most 
consequential? Why and for whom? It is imperative that we, as researchers, try to 
19  
piece together all the pieces of the puzzle as best we can in order to help those 
in need of information. The present study attempts to link a number of life course 
events that may influence later life health, in order to better understand the algorithm 
of life course health events. 
Early Life Adversity 
 
Linking early life events, such as low socioeconomic status (SES) or abuse in 
childhood, to later life health outcomes has become an area of particular interest to life 
course researchers. The MIDUS data set provides a unique opportunity to study how 
early life adversities may impact later life health outcomes. The MIDUS data set also 
allows researchers to examine how a number of factors, such as SES, social support, or 
personality traits, may affect the relationship between early life adversities and health 
over the life course. 
Shafer, Ferraro, and Mustillo (2011) ask how early life adversity affects later 
life perceptions of past, current, and future life satisfaction. They found individuals 
who experienced early life adversity had lower life satisfaction ratings at every point 
compared to individuals who did not experience adversity. Further, childhood adversity 
contributed to more negative views of past and current life satisfaction, but rising 
expectations in the future. While they clearly have a similar research question to mine, 
their dependent variable is life satisfaction, while mine is self- rated health.  Even 
though I plan to replicate their analyses using latent growth curve models, I am 
examining how early life adversity impacts later life self-rated health to hopefully 
expand our understanding of how early life adversity impacts multiple areas of well-
being over the life course. 
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Greenfield and Marks (2010) examined how early life physical and emotional 
abuse affects self-rated health, functional health, and chronic conditions in later life. 
They found that abuse is associated with more chronic health conditions, lower self-
rated health, and increased functional limitations. Emotional abuse in childhood is 
associated with feeling less personal control (Irving and Ferraro 2006). Further, 
women who experienced emotional abuse reported lower self-rated health. Pitzer and 
Fingerman (2010) found similar results. Thus, a number of studies focus solely of the 
effects of early childhood abuse, without looking at the full range of childhood 
adversities which my dissertation examines. 
A number of studies have examined mediating factors between early life 
events and later life health outcomes using MIDUS data. Chen and colleagues 
(2012:178) examined the mediating role of the shift-and-persist approach.  “This 
approach balances adapting the self to life stressors together with maintaining a focus 
on the future. It entails both shifting (adjusting oneself to stressors through cognitive 
reappraisals and emotion regulation) and persisting (enduring life with strength by 
holding onto hopes for the future)” (Chen et al. 2012:178). They found that among 
individuals of low SES in childhood, those who engaged in high-shift-and- high-
persist strategies dealt with stress better than their counter parts. No benefit of shift-
and- persist strategies were found for those from higher economic circumstances 
(Chen et al. 2012). 
Irving and Ferraro (2006) found that personal control mediates the relationship 
between early life abuse and self-rated health. Further, Pitzer and Fingerman (2010) 
found that higher levels of personal control were associated with better physical and 
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psychological functioning among adults who experienced abuse in childhood. 
Previous research has also found that agreeableness, neuroticism, and openness were 
associated with lower self-rated health (Turiano et al. 2012). Conscientiousness and 
extraversion were associated with higher self-rated health. Increases in agreeableness 
were associated with lower self-rated health. Lastly, increases in conscientiousness 
and extraversion were associated with better self-rated health. 
Slopen and colleagues (2010) used a more objective measure of health. They 
looked at how early life adversity affects individuals inflammatory markers, such as 
CRP, IL-6, fibrinogen, E-selectin, and sICAM-1, in later life. They found that 
childhood adversity “…was predictive of high concentrations of inflammatory 
markers at midlife for Blacks, but not Whites” (Slopen et al. 2010:694). 
Previous research has clearly linked early life adversities to later life self-rated 
health, but previous research has yet to examine trajectories of self-rated health over a 
20 year period.  Further, while previous research has looked at personality traits and 
personal control as mediators between early life adversity and later life health, 
previous research has not examined these factors in the relationship between early life 
adversity and individuals’ perceptions of past, current, and future self-rated health. 
Personality 
 
There is a large body of literature that documents the link between personality 
traits and health (Hampson and Friedman 2008). For example, a study in France found 
that personality explained 24%-36% of all-cause mortality risk for men and 11% for 
women (Nabi et al. 2008). Personality has been shown to account for almost 20% of 
the risk associated with lower socioeconomic status on all-cause mortality (Chapman 
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et al. 2010). Personality traits have been shown to affect not just health outcomes but 
also health behaviors and risk taking (Hampson et al. 2000; Hampson et al. 2006). 
Openness 
 
There is little research linking openness (openness to experience or traits 
related to novelty-seeking and intellect) to health behaviors or health outcomes. 
However, recent studies have found that openness is associated with increased 
longevity (Hampson and Friedman 2008), decreased risk for all-cause mortality 
(Iwasa et al. 2008), lower risk of all-cause mortality in a men (Turiano et al. 2012), 
and fewer health-related work reductions (Turiano et al. 2012). The cognitive and 
behavior flexibility and interest in aesthetics associated with openness have been 
associated with decreased all-cause mortality (Jonassaint et al. 2007). Further, the 
curiosity associated with openness was found to reduce risk of 5-year all cause 
morality (Swan and Carmelli 1996). This suggests that there may be some protective 
feature of openness due to cognitive engagement and flexibility (Duberstein et al. 
2011). 
Biological research has found that openness is associated with lower levels of 
the inflammatory marker Interleukin (IL)-6 in older individuals (Chapman et al. 2011). 
Further, openness is associated with biomarkers related to synaptic plasticity, such as 
Insulin-Like Growth Factor (IGF)-1, which is associated with better cognitive 
functioning and longevity (Cappola et al. 2003). Openness seems to be related to 
education, but shows independent effects of health outcomes. However, more research 





Conscientiousness (traits related to organization and reliability) seems to be 
the one personality trait that has only positive results associated with it. However, one 
study did conclude that conscientiousness should be modeled controlling for 
perfectionism because that is one facet of conscientiousness that may cause negative 
health outcomes (Fry and Debats 2009). For example, “…compulsive persistence, 
defined as the inability to disengage from stressful or impossible tasks,” is related to 
perfectionism and causes higher hypothalamic-pituitary-adrenal (HPA) response 
(Segerstrom, Castaneda, and Spencer 2003:740). Thus, some research suggests the 
need to distinguish between healthy conscientiousness and unhealthy 
conscientiousness due to the strong self-regulation in people who are highly 
conscientiousness. 
In general, however, conscientiousness is associated with only positive health 
outcomes. For example, conscientiousness is associated with increased longevity 
(Christensen et al. 2007; Iwasa et al. 2008; Fry and Debats 2009). This association 
appears to be comparable to the association between longevity and SES, as well as the 
relationship between longevity and IQ (Roberts et al. 2007). It is also associated with 
lower blood pressure and fewer health-related work reductions (Turiano et al. 2012). 
Further, the phenotype for conscientiousness is negatively related to the phenotype for 
life time major depression (Kendler and Myers 2010). 
Low conscientiousness (e.g., a person who is disorganized or irresponsible) is 
associated with increased “…diabetes, hypertension, urinary problems, stroke, a 
variety of metal health problems, and mortality” (Bogg and Roberts 2004:887). 
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Biological mechanisms are not clearly understood yet, but research suggests the 
positives from conscientiousness may not be due solely to better health behaviors 
associated with conscientiousness. For example, people low in conscientiousness are 
more likely to have higher levels of the inflammatory marker Interleukin (IL)-6, which 
is associated with chronic stress, a number of diseases related to stress, and negative 
health behaviors. IL-6 is also a major predictor of mortality (Gruenewald et al. 2006; 
Harris et al. 1999). 
Extraversion 
 
Extraversion is associated with positive emotions and sociability, but it also 
involves elements of excitement seeking and social disinhibition. However, most 
research focuses on the positive aspects of extraversion and tends to find positive 
health benefits. Extraversion is associated with fewer health-related work reductions 
(Turiano et al. 2011) and reduced all-cause mortality in community dwelling 
individuals (Fry and Debats 2009). This could be due to the fact that people who are 
high in extraversion tend to experience greater positive affect. They also tend to be 
optimistic. Both of these factors are associated with happiness and longevity (Danner, 
Snowdon, and Friesen 2001). Further, a recent study of centenarians showed they 
were more likely to extraverted and less neurotic (Givens et al. 2009). 
Agreeableness 
 
Agreeableness relates to interpersonal harmony and has been linked to traits 
such as compassion, trust, compliance, altruism, and honesty. One three-year study 
found agreeableness was related to lower all-cause mortality in older individuals 
(Weiss and Costa 2005); however, in three other studies agreeableness was not related 
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to longevity (Christensen et al. 2007; Iwasa et al. 2008; Fry and Debats 2009). On the 
other hand, the hostility facet of agreeableness is associated with increased risk of 
coronary heart disease (Myrtek 2001), all-cause mortality, and cancer mortality 
(Shekelle et al. 1983). 
Neuroticism 
 
Neuroticism encompasses traits related to emotion distress or negative 
emotionality, such as anxiety, anger, and depression. It also relates to a sense of being 
unable to deal with the challenges of life. Neuroticism is related to weight gain and 
obesity (Brummett et al. 2006; Chapman et al. 2009a).  It also affects stressors people 
are exposed to and their reactions to stress, which are often over-reactions (Mroczek 
and Almeida 2004). Highly neurotic people are more likely to smoke in the face of 
stress which accounts for almost 25% of the high association between neuroticism and 
early mortality (Mroczek, Spiro, and Turiano 2009). Neuroticism has also been found 
to predict disease incidence, including heart disease (Terracciano et al. 2008), 
hypertension (Spiro et al. 1995), obesity, and metabolic syndrome (Hampson and 
Friedman 2008). Neuroticism is associated with high blood pressure and more health-
related work reductions (Turiano et al. 2011).   Neuroticism is also related to high 
levels of IL-6 (Sutin et al. 2010). There is also evidence that there is a strong positive 
phenotypic association between risk for life time major depression and neuroticism 
(Kendler and Myers 2010). 
Given the previous research linking personality traits and health, the present 
project asks, do certain personality traits mediate the relationship between early life 
adversity and self-rated health? I hypothesize that agreeableness and neuroticism will 
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be negatively related to self-rated health. On the other hand, I expect conscientiousness 
and extraversion will be positively associated with self-rated health. Therefore, these 
personality traits will attenuate some of the negative effects of early life adversity and 
serve as a mediator between the two. Based on previous research it is unclear whether 
openness will be associated with self-rated health. 
Personal Control 
 
Childhood and early life is when most people develop their psychological and 
psychosocial resources, such as a strong sense of personal control.  However, for 
some, childhood is filled with adversities that can make it difficult to develop 
psychological resources. Thus, experiencing adversity in childhood can limit or alter 
the normal development of personal control. For example, children who experience 
adversity often feel a sense of helplessness and lack of control over their situation 
(Shaw and Krause 2002). Therefore, these children may never develop a strong sense 
of personal control that could help them deal with challenges over the life course 
(Irving and Ferraro 2006; Kendall-Tackett 2002; Shaw and Krause 2002). In other 
words, individuals who do not develop a strong sense of personal control may be more 
likely to experience increased adversity over the life course due to their decreased 
perceived ability to take control of their lives or change their situation for the better. 
Thus individuals who experienced early life adversity maybe less likely to develop a 
strong sense of personal control and this may exacerbate the already negative effects of 
early life adversity. 
On the other hand, there may be situations where certain life factors or events 
could “break the cycle” (Dannefer 2003; Ferraro and Kelley-Moore 2003). Individuals 
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may be able to develop traits or utilize mechanisms, such as a strong sense of personal 
control even in situations of adversity, that could reduce the negative effects of early 
life adversity (Ferraro and Kelley- Moore 2003). Therefore, it is important to consider 
the mediating effects of personal control in the relationship between early life 
adversity and later life self-rated health. 




In line with life course theory and previous research, the present study also 
examines the link between race, as well as, gender and income, with later life health. It 
also examines how early life adversity may interact with the demographic variables. 
Based on previous research, we would expect Blacks to possibly view their previous 
health more negatively. It is unclear whether they would be optimistic about their 
future health or if they would see it improving (Shafer et al. 2011). We would expect 
Blacks to be in poorer health than Whites, particularly in later life (Bonanno and 
Diminich 2013; Uphoff et al. 2013). 
Results like these could also be due to a “ceiling effects”. Perhaps those who 
are in the best health cannot see their health improving because they are already so 
healthy and others can only see it getting better because it is already so poor? 
Socioeconomic Status 
 
It is clear based on previous research that adult socioeconomic status (SES) is 
associated with a wide range of adult health outcomes and that increases in SES lead to 
better health outcomes. While it is clear that childhood and adult SES are correlated, 
evidence seems to suggest that low childhood SES exposure has independent effects on 
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later life health outcomes. It is hard to disentangle parent’s SES from their offspring’s 
SES due to the social and biological pathways that intergenerational transfers of SES 
and health encompass; however, evidence seems to suggest that childhood SES 
impacts both adult SES and adult health with independent effects on both. Similar 
findings have been found for mortality from alcoholic cirrhosis (Lawlor et al. 2006), 
cardiovascular disease, respiratory disease, diabetes, cancers of the lung, liver, and 
stomach, and diseases of the digestive system (Galobares, Lynch and Smith 2008; 
Pollitt et al. 2007).  Further, risk for cardiovascular disease in men increases as the 
number of years, including childhood years, spent in low SES increases (Pollitt et al. 
2007). Individuals from low SES backgrounds are more likely to develop coronary 
heart disease (CHD) (Kittleson et al. 2006), dental problems or disease (Poulton et al. 
2002), stroke (Glymour et al. 2008), insulin resistance (Lawlor, Ebrahim, and Smith 
2003), obesity (Ball and Mishra 2006), type 2 diabetes (Maty et al. 2008), depression 
(Gilman et al. 2003), functional limitations (Minkler et al. 2006), and inflammatory 
markers (Pollitt et al. 2007), regardless of adult SES. Further, the ability to fight off 
infections or viruses deceases with the number of years spent in low SES (Cohen et al. 
2004), while controlling for a number of other risk factors. All of this evidence 
supports the assumption that childhood SES contributes to adult health, independent of 
adult SES. 
There are numerous mechanisms discussed in the literature that link low SES in 
childhood to adult health outcomes. These include mechanism from the physical 
environment in childhood such as the home, neighborhood, or school; mechanisms 
from psychological influences such as aggression, hyperactivity, or withdrawal; 
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mechanisms from health related behaviors such as smoking, sedentary activity, or poor 
diet; and mechanisms from physiological mechanisms such as cell damage, 
deregulation of cells, and exposure to infections (Cohen et al. 2010).  The influence of 
low SES in childhood through all of these mechanisms can lead children to not only 
have poorer health outcomes in adulthood, but to also have a problem developing a 
sense of personal control, which is one of the key mediating factors in the present 
research (Evans 2006).  A low sense of personal control may trigger stress-related 
biological responses and other health damaging behaviors that may increase the 
detrimental effects of low SES on adult health outcomes (Evans 2006). For example, a 
child who was raised in a chaotic home and school environment (Cohen, Evans, Krantz 
and Stokols 1980), which are associated with lower SES, may never learn to internalize 
decisions or consequences. Thus, throughout the life course that child will not feel in 
control and may resort to substance abuse, which would have negative consequence for 
his/her adult health. 
Further, a family’s SES can influence family functioning. Families of lower 
SES are more likely to display high levels of conflict. They are also more likely to 
have distant family relationships and inconsistent parenting practices (Conger et al. 
1992). All of this can lead children to have problems developing proper psychological 
and social skills (Repetti, Taylor and Seeman 2002; Taylor et al. 2004). For example, 
children of lower SES families have greater difficulty regulating their emotions in 
childhood, which could lead to personality problems in adulthood such as anxiety, 
depression, and hostility (Repetti et al. 2002), which again can lead back to adult 
health problems. 
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Chronic psychological stress experienced by children in low SES families can 
lead to dysregulation of certain biological systems. “For example, prolonged or 
repeated activation of the HPA and sympathetic-adrenomedullary system (SAM) due 
to a chaotic family environment creates the potential for problems in numerous 
biological systems” (McEwen 1998:873).  Feeling continually stressed can lead to 
many chronic diseases and can even exacerbate the disease process (McEwen 2007).  
“Risky” family environments due to low SES are associated with disruptions in the 
cortical structure and functioning (Eluvathingal et al. 2006) and “…atypical amygdala 
activation in response to emotional stimuli” (Taylor et al. 2006:297), which suggests 
children from low SES families are more likely to develop emotional problems and 
problems regulating their emotions. This can again translate into personality problems 
in later life. 
Given this line of research and all the ways SES in childhood can impact adult 
health and the two mediating variables, sense of personal control and personality traits, 
in the present research, it may be important to place more emphasis on SES in 
childhood. Therefore, instead of simply including low SES in childhood as one of the 
early life adversities, I focus specifically on how low SES in childhood may affect 
adult self-rated health over 20 years.  I focus specifically on how sense of personal 
control and different personality traits may mediate this relationship, meaning low SES 
in childhood may impact adult self-rated health through an individual’s sense of 
personal control and their personality traits. 
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National Survey of Midlife Development in the United States (MIDUS) 
 
Data are drawn from the National Survey of Midlife in the United States 
(MIDUS) (Brim, Ryff and Kessler 2004). The data were collected from 1995 to 1996 
by the MacArthur Foundation’s Network on Successful Midlife Development. The 
study was developed by an interdisciplinary team of scholars to investigate, among 
other factors, how behavioral, psychological, and social factors may impact variations 
in health and well-being over the life course in a national sample of Americans. The 
main sample of data was selected from working telephone banks. Data collection first 
used random-digit-dialing to obtain a sample of all English-speaking community-
dwelling adults age 25-74 in the United Status. Next, investigators used 
disproportionate stratified sampling to create an oversampling of males and older 
adults age 65-74.  
All respondents completed a phone interview, approximately 30 minutes long. 
The response rate was 70%. This yielded a sample size of 3,487. Next, respondents 
were asked to complete 2 self-administered questionnaires (SAQ’s), each of which 
were approximately 45 pages long. The SAQ’s were mailed to participants and then  
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returned. This yielded an overall response rate of 86.6% for the SAQ’s. The overall 
sample of respondents who complete both the telephone interview and the SAQ’s 
includes 3,032 respondents. The overall response rate was 61%.  The total sample, 
after accounting for missing data, included 2,956 respondents at Time 1. 
A longitudinal follow-up study of the original MIDUS study was conducted 
approximately nine years later from 2004-2006. Every response was made to contact 
all original respondents. Of the 7,108 participants from Time 1, 4,963 respondents 
were interviewed at Wave 2 over the phone.  MIDUS 2 also included self-administered 
questionnaires.  Roughly 80% of participants successfully completed and returned the 
questionnaires. 





To measure self-rated health, respondents were asked: “Using a scale from 0 to 
10 where 0 means ‘the worst possible health’ and 10 means ‘the best possible health,’ 
how would you rate your health these days?” Next, respondents were asked: “Looking 
back ten years ago, how would you rate your health at that time using the same 0 to 10 
scale?” Finally, respondents were asked: “Looking ahead ten years into the future, what 
do you expect your health will be like at that time?” The analysis uses all three points 
of health evaluations to create a trajectory of perceived health status over 20 years. 
Seven years later at Time 2 respondents reported their current self- rated health by 
being asked the same health questions. 
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Based on how Schafer et al. (2011) operationalized the extent of adversity 
experienced in childhood using the MIDUS data set, I created a summary score of 16 
different events of adversity in childhood. Indicators of childhood adversity were (1) 
selected on the basis of prior literature (e.g., Felitti et al. 1998; Turner, Wheaton, and 
Lloyd 1995) and (2) drawn from the available pool of MIDUS questions on childhood. 
These items include receipt of welfare; less than a high school education for father (or 
mother in households in which father was not present); report of being “worse off” 
than other families; lack of a male in the household; parental divorce; death of a 
parent; physical abuse at the hands of a mother, father, siblings, or other person; 
emotional abuse by any of the same parties; and reported “fair” or “poor” physical 
health and mental health at age 16. Since, twelve of the indicators are not 
dichotomous, I recoded them into binary markers. Due to missing data, I generated an 
average score for all subjects with at least half of the questions answered.  This is a 
count variable for all types of adversity. 
The present study utilizes an index of 12 items that ask respondents to what 
extent they believe they have control over their lives as the measure of perceived 
personal control. The personal control scale includes seven of the eight items from the 
Shaw and Krause (2002) personal control scale plus five additional items. Items on the 
personal control scale include asking respondents “in general I feel I am in charge of 
the situations in which I live” and “what happens to me in the future depends on me.” 
Response categories range from 1 (strongly disagree) to 7 (strongly agree); thus higher 
values indicate greater personal control (alpha = .85). 
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The MIDUS data set contains a self-administered adjectival personality 
inventory which assesses the Big Five personality traits (Prenda and Lachman 2001). 
The MIDUS Big Five scale was developed by selecting the most consistently used 
adjectives for each trait from previous personality trait lists. Each of the adjectives 
selected were used in a pilot study of 1,000 respondents (ages 30-70 years). The 
adjectives with the highest item to total correlations and factor loadings for each 
personality trait were selected (Turiano et al. 2011). Each dimension of the personality 
inventory assesses respondent’s level of neuroticism, extraversion, openness, 
conscientiousness, and agreeableness. 
Neuroticism is described in the MIDUS study as moody, worrying, and 
nervous. Extraversion is described as outgoing, friendly, lively, active, and talkative. 
Openness to experience is described as creative, imaginative, intelligent, curious, and 
adventurous.  Conscientiousness is described as organized, responsible, and 
hardworking. Agreeableness is described as helpful, warm, caring, and sympathetic. 
Each dimension includes 4-7 items specific to the personality trait being tapped. 
Respondents were asked to rate how well each item described them on a 4-point scale 
ranging from 1 (not at all) to 4 (a lot).  All items were re- coded so that higher scores 
reflect higher levels of each dimension. All scales were constructed by calculating the 
mean across each set of items specific to that personality trait. Reliability alphas for 
each personality trait are as follows: neuroticism = .74, extraversion = .78, openness = 





It is clear that childhood adversity often leads to poorer health and health 
behaviors over the life course (Dube et al. 2001; Felitti et al. 1998); therefore, in order 
to control for the influence of physical health and abilities, a number of objective 
health measures were controlled. Binary measures for smoking (current smoker) and 
obesity (BMI greater than 30) were measured at Time 1 and Time 2. Individuals 
reported whether or not they were experiencing any chronic conditions at Time 1.  
Total number of chronic health conditions were also reported at Time 2. 
Lastly, the total number of activities of daily living that respondents have trouble with 
from Time 2 is included in further analyses. 
The literature indicates that several other factors that may influence self-rated 
health and thus should be included as controls (Ferraro and Shippee 2009; Shaffer et 
al. 2011). These include sex, marital status, race, age, education, and income. Sex, 
marital status, and race were coded as binary variables (1 for female, 1 for Black, 1 for 
married). Age was coded as a continuous variable ranging from 20-74 years. Education 
is a count of number of years of formal education (e.g., high school degree=12). 
Household income was measured as the dollar amount corresponding to the interval 
midpoint, with categories ranging from 0 (no income) to 31 ($1 million or more) and 
log-transformed because of its skewed distribution. 
Analysis 
 
Growth Curve Models 
 
All analyses were estimated using Stata version 13. The first part of the 
analysis included fitting a model of perceived health trajectories that estimates the 
intercept and slope of the three health evaluation data points—past, present, and future. 
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In a statistical sense, the model is very similar to a latent growth curve model; 
however, the model differs from true latent growth models because all the data used to 
fit the model were collected at the same time. Therefore, the data reflect the actor’s 
evaluation of the specified time, rather than a specific historical moment. The use of a 
trajectory model in this context is somewhat unconventional, but it offers a statistical 
way to understand individuals’ perceptions of their health over the 20 year time span. 
Further, previous research has utilized this technique when dealing with different 
chronological points of times that were collected in the same wave of data collection 
(Shafer et al. 2011). 
In modeling such trajectories, level 1 of the model captures the with in 
individual trajectory over time. “The individual time-specific measures can be 
modeled with an individual- specific intercept and slope across time plus the error 
term” (Singer and Willott 2003:93). The level 1 equation is: 
Yti = π0i + π 1iαti + Ԑit 
 
“where Yit is the predicted outcome for individual i at time t; π0i is an 
individual-specific intercept term; π 1iαti is the individual-specific slope; and Ԑit is the 








The second level of the model allows the random intercepts and slopes to vary 
by the covariates included in the model.  This portion of the model captures the 
between person variation over time. In this level of the model, the intercepts and 
slopes are allowed to be correlated.  The level 2 equations are: 
π0i = β00 + β01Xi + r01 
π1i  = β10  + β11Xi + r11 
where π0i and π1i “…are the intercept and slope for individual i;  β00 and β10 are 
the means of the intercept and slope when the x variables equal zero. The remaining 
part of the equation contains the effect of each predictor variable on the random 
intercept and slope and includes the error term representing deviation from the mean 
intercept and slope for individual i” (Singer and Willott 2003:93) . 
Six nested growth curves were fit to examine the relationship between early life 
adversity and later life health. Model A, the unconditional means model, examines if 
the average person’s health varies over 20 years and if individuals differ in their health 
ratings over the same 20 year period.  Model A also includes the intraclass correlation 
coefficient (ICC). “The ICC describes the proportion of the total outcome variation that 
lies between people” (Singer and Willott 2003:96). 
Next, the unconditional growth model (Model B) was fit. The unconditional 
growth model introduces time into the model. Model B estimates the starting point and 





Model C examines the specific relationship between the number of adversities 
experienced in childhood and health in later life over 20 years. Model D includes a 
number of other health controls to examine if the effect of early life adversity still 
exists when including current health controls. Model E then adds the personality 
measures and personal control scale to see if the effect of early life adversity still 
exists even with these controls included.  Model E also tests the hypotheses regarding 
personality and personal control having independent effects on self-rated health over 
20 years in adulthood. Model F includes all controls of interest. Model F can be 
considered the full model. It includes childhood adversity, all health controls, 
personality variables, personal control, and all demographic variables (sex, age, race, 
income, education, and marital status). 
A separate growth curve model examines how each specific type of adversity 
may impact self-rated health over 20 years in later life. This model includes each of the 
16 dichotomized variables of adversity.  This can be found in Table 3. 
Multiple Regression Models 
 
All multiple regression models are run in order to examine how one’s 
perception of their health over the next 10 years (Time 1) affects their actual health 
seven years later at Time 2.  Each model multiple regression model (Tables 4-7) 
includes four nested regression models. 
The first multiple regression model (Table 4) examines whether one’s 
perception of future health from Time 1 affects one’s self-rated health seven years later 
at Time 2. Table 5 examines whether one’s perception of future health from Time 1 
affects the number of chronic health problems someone is experiencing seven years 
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later at Time 2. Table 6 examines whether one’s perception of future health from Time 
1 affects one’s BMI seven years later at Time 2.  Table 7 examines whether one’s 
perception of future health from Time 1 affects the number of problems an individual 
has with activities of daily live (ADLs) seven years later at Time 2. 
40  





Ranges, mean values, and standard deviations for health, childhood misfortune, 
personal control, personality, and demographic variables are shown in Table 1. On 
average, participants rated their current health as good with an average rating of 
roughly 7.7 out of 10 (SD, 1.565).  Participants rated their previous health with an 
average rating of 7.4 out of 10 (SD, 1.565). Participants saw their health over the next 
ten years improving, with an average rating of nearly 8 out of 10. It is somewhat 
surprising that people saw their health improving in the future, because most of us 
would intuitively think of our health deteriorating as we age. Participants’ self-rated 
health 7 years later at Time 2 was roughly 3.5 out of 5 (SD, 1.013). 
Childhood misfortune ranged from 0 to 12 reported misfortunes out of a total of 
16 possible. On average, participants reported about 4 misfortunes in childhood (SD, 
2.326). All misfortunes were dichotomized; therefore, the means represent the percent 




reported being on welfare in childhood (SD, 0.247), 41.3% reported having a parent 
with less than a high school diploma (SD, 0.492), 3.3% reported feeling worse off than 
others in childhood (0.179), 27.4% reported not having a male figure in the household 
in childhood (SD, 0.446), 53% reported parental divorce (SD, 0.499), 22.9% of 
participants reported emotional abuse by their mother in childhood (SD, 0.450), 28% 
reported emotional abuse by their father (SD, 0.449), 47.6% reported emotional abuse 
by a sibling (SD, 0.499), 25.6% reported emotional abuse by someone else in 
childhood (SD, 0.436). Nearly 6.5% reported physical abuse in childhood by their 
mother (SD, 0.247), 8.9% reported physical abuse by father (SD, 0.284), 1.68% 
reported physical abuse by a sibling (SD, 0.374), and 8.1% reported physical abuse by 
someone else (SD, 0.272), 3.4% reported poor physical health at age 16 (SD, 0.180), 
7% reported poor mental health at age 16 (SD, 0.250) and 30.9% of people reported 
losing a parent before the age of 16 (SD, 0.462). 
The measure of personal control ranged from 1 to 8 with an average of 3.850 
(SD, 0.758); meaning, in general, people feel they have intermediate level of control (4 
out of 8) over their environment and circumstances. Indicating that, participants tend 
to lean a little more toward an external locus of control rather than internal locus of 
control. All personality variables range from 1-4; the mean of neuroticism is 2.237 
(SD, 0.662), extraversion is 3.198 (SD, 0.560), openness is 3.070 (SD, 0.768), 








The average age of the sample is 46.85 years old and ranges from 20-98 (SD, 
12.925). Roughly 51% of the sample is female. Nearly 8% of the sample is Black. 
Almost 66% of the sample reported being married. The measure of education ranges 
from 4-20 with a mean of 13.596 (SD, 2.846). Logged income, which is the measure 
used, ranges from -2.43-12.89 with a mean of 9.856 (SD, 1.965). 
Roughly 42% of participants report being a current smoker at Time 1. This 
number drops to 32% at Time 2, seven years later.  At Time 1, 43% of participants 
report having a BMI over 30. At Time 2, this number increases to 51%. The Time 1 
measure of chronic condition is dichotomous with 76% of the sample report having a 
chronic condition. The Time 2 measure used in the regression models is the number of 
chronic conditions reported.  On average, participants reported 2.44 conditions at Time 
2 (SD, 2.561). Lastly, participants indicated how many actives of daily living that they 
have trouble with.  This ranged from 0-4 activities. Participants reported having 
trouble with 1.565 activities (SD, 0.771).  Participants reported having trouble with 


















Range Mean SD 
Self-Rated Health    
 10 years ago 0-10 7.404 1.565 
Current  0-10 7.668 1.986 
 10 years from now 0-10 7.982 1.788 
Over 30 years (Intercept) 0-10 7.569 1.839 
Time 2 (Current) 0-5 3.548 1.013 
    
Childhood Misfortune    
Total  0-12 3.977 2.326 
Welfare 0-1 .065 .247 
Parent less than high school education 0-1 .413 .492 
Worse off 0-1 .033 .179 
Lack of male in household 0-1 .274 .446 
Parental divorce 0-1 .530 .499 
Emotional abuse by mother 0-1 .229 .450 
Emotional  abuse by father 







Emotional abuse by other 0-1 .256 .436 
Physical abuse by mother 0-1 .065 .247 
Physical abuse by father 







Physical abuse by other 0-1 .081 .272 
Poor physical health at 16 0-1 .034 .180 
Poor mental health at 16 0-1 .070 .250 
Parent death 0-1 .309 .462 
    
Control/Personality    
Personal Control Scale 1-8 3.850 0.758 
Neuroticism 1-4 2.237 .662 
Extraversion 1-4 3.198 .560 
Openness 1-4 3.070 .768 
Conscientiousness 1-4 3.421 .442 
Agreeableness 1-4 3.488 .490 
    
Demographic Characteristics    
Age 20-98 46.850 12.925 
Female 0-1 .516 - 
Black 0-1 .076 - 
Married 0-1 .653 - 
Education 4-20 13.596 2.846 





    
Other Health Measures     
Smoker (T1) 0-1 .424 - 
Smoker (T2)    
BMI over 30 (T1) 0-1 .429 - 
BMI over 30 (T2)    
Chronic Condition (T1)    
Chronic Condition (T2)    
Instrumental ADL’s (T2) 0-4 1.565 .771 
  
Latent Growth Curves 
 
Unconditional Means Model 
 
For the starting point of the latent growth curve portion of the analyses, the 
unconditional means model is fitted (Model A). Instead of describing change in the 
self-rated health over time, the unconditional means model simply describes and 
partitions the variation in self-rated health. The unconditional means model assumes 
the individual change trajectory for any given person in the sample is flat or set at the 
grand mean (Singer and Willett 2003). Table 2, Model A, the intercept is 7.567 
(p<0.001); this can also be interpreted as the overall grand mean of self-rated health. 
Thus, averaging across respondents, the expected self-rated health average is roughly 
7.6 out of 10. Clearly, the grand mean is significantly different from zero, which 










Table 2. Analysis of intercepts and slopes for perceived health trajectories.  
  Model A Model B Model C Model D Model E Model F 
Fixed Effects 
Initial status        























































 Openness     0.199 (0.339) 
0.310 
(0.366) 
 Conscientiousness     0.125 (0.391) 
0.267 
(0.398) 
 Agreeableness     0.175 (0.399) 
-0.004 
(0.411) 
 Female      -0.374 (0.345) 
 Age      0.012 (0.014) 
 Black      1.540** (0.606) 
 Income (logged)      -0.341* (0.177) 
 Education      -0.169* (0.076) 
 Married      0.364 (0.330) 
Rate of change        































 Personal Control     -0.105 (0.088) 
-0.031 
(0.089) 
 Neuroticism     -0.092 (0.120) 
-0.264* 
(0.125) 
 Extraversion     -0.156 (0.184) 
-0.154 
(0.183) 
 Openness     0.044 (0.164) 
-0.077 
(0.174) 
 Conscientiousness     0.186 (0.189) 
0.105 
(0.189) 
 Agreeableness     0.031 (0.095) 
0.159 
(0.195 
 Female      0.340* (0.164) 
 Age      -0.018** (0.007) 





 Income (logged)      0.262*** (0.084) 
 Education      0.095** (0.036) 
 Married      -0.065 (0.157) 
Variance 
Components        






































































Goodness-of-fit        
 AIC 74024.960 70114.040 5888.650 3607.709 3558.670 3244.531 
 BIC 74048.490 70161.090 5931.345 3675.402 3684.301 3425.073 
* p<0.05, ** p<0.01, *** p<0.001 
 
Next, the random effects, or variance components of the model, are examined. 
This is where the most interesting information for the unconditional means model can be 
found. The estimated (level 1) within-person variance is 2.153; the estimated (level 2) 
initial status, or between-person variance, is 1.230. Therefore, it can be concluded that the 
average person’s health varies over 20 years and that individuals differ in their health 
ratings over the same 20 year period. Since the variances are significantly different from 
zero, it is assumed that a model can be fit that will link both the within-person and 
between-person variation in self-rated health to predictors.  In other words, a better fitting 
model can still be found. 
Intraclass Correlation Coefficient 
The unconditional means “…model also allows us to evaluate the relative 
magnitude of the within-person and between-person variance components numerically 
by calculating the intraclass correlation coefficient (ICC)” (Singer and Willott 





of the total outcome variation that lies “between” people”. The ICC is calculated by 
dividing the between-person variance by the between-person variance plus the within-
person variance. For these data the ICC equals 0.364, indicating that about 36% of the 
total variation in self-rated health is attributed to differences “between” individuals. 
Unconditional Growth Model 
 
The unconditional growth model (Table 2, Model B) was fit. The unconditional 
growth model introduces time into the level-1 submodel. The fixed effects portion of 
the model, or the intercepts and slopes, “…estimate the starting point and slope of the 
population’s average change trajectory” (Singer and Willett 2003:99). The null 
hypothesis can be rejected for both (p<0.001), estimating that the average true change 
trajectory for self-rated health has a non-zero intercept of 8.711 and a non-zero slope of 
-0.571.  Because there are no level-2 predictors in the unconditional growth model, it is 
simple to plot the trajectory, as can be seen in Figure 1, which graphically displays the 
unconditional growth model, or the starting point and the slope of the population’s 
average change trajectory. There is a steady decline in self-rated health over a 20 year 
time frame from roughly 8.2 to 7.  In the following models one can see how these 
















To assess whether there is statistically significant variation in individual initial 
status or rate of change that the level-2 predictors could explain, the variance 
components must be examined. “The level-1 residual variance now summarizes the 
scatter of each person’s data around his or her own linear change trajectory…” 
(Singer and Willett 2003:99).  If this trajectory is linear with time, then Model B will 
do a better job of predicting the observed outcome data than Model A. This would 
result in a smaller level-1 residual variance (Singer and Willett 2003).  By comparing 
the level-1 residual variance in Model A to Model B (from 2.152 to 0.955), we find a 
significant decline; thus, it can be concluded that the within-person variation in self-
rated health is systematically associated with linear time.  A pseudo-𝑅𝑅2  statistic can be 
used to assess the proportion of within-person variation which is explained by linear 
time: 
 
















Therefore, it is concluded that roughly 56% of the within-person variation in 
self-rated health is explained by time. This can be reduced by adding time-varying 
predictors to the level-1 submodel; however, subsequent models do not include time-
varying predictors so this remains the same in every model. 
According to Singer and Willett (2003:100), “the level-2 variance components 
quantify the amount of unpredicted variation in the individual growth parameters.” 
There is non-zero variability in both. This suggests that in order to better explain the 
variation in self-rated health between people, level-2 predictors should be included in 
the model. 
Further, “the population covariance of the level-2 residuals, not only assesses 
the relationship between the level-2 residuals, it quantifies the population covariance 
between true initial status and true change” (Singer and Willett 2003:100). This means 
that we can assess whether individuals’ health decreases at a faster or slower rate based 
on their initial health rating 
We can interpret this by expressing the covariance as a correlation coefficient. 
This is done by “…dividing it by the square root of the product of its associated 
variance components” (Singer and Willott 2003:103).  In this case: 
−1.429 





Therefore, it can be concluded that the relationship between true rate of change 
in self- rated health and initial status is negative and strong. This can also be thought of 
the slope for self-rated health being linear and negative, as depicted in Figure 1 (Model 
B). 
The two unconditional models, Model A and Model B, assess whether there is 
potentially predictable variation in self-rated health and where this variation resides. 
The unconditional means model suggests significant within-person and between-
person variation. The unconditional growth model suggests that some of the within-
person variation can be attributed to linear time but also that there is between-person 




Model C, of Table 2, includes the total count of childhood adversity 
experienced as a predictor of both initial status and rate of change. The main, 
uncontrolled effects of childhood adversity can be found here. The estimated initial 
status (intercept) for self-rated health for the average person with below average 
adversity is 9.094 (p<0.001). The estimated differential in initial status between people 
with below average adversity and people with above average childhood adversity is -
0.609 (p<0.01). A person with above average childhood adversity has an average 
intercept of 8.485. The estimated rate of change in self-rated health for the average 
person with below average adversity is -0.710 (p<0.001). There is no statistically 
significant difference in the rate of change in self-rated health based on the amount of 





to one of the main research questions, suggesting that people with below average 
adversity rate their health higher than those with above average adversity; however, 
their rate of change does not appear to differ over time. The within-person variance is 
very similar to Model B; stability like this is expected because no level-1 predictors 
were added to the model. Therefore, the with-in person variance should remain about 
the same in all models. The level-2 variance components change slightly but are also 
statistically significant.  This suggests potential unexplained residual variation in 
initial status and rate of change. Therefore, the effects of other level-2 predictors are 
explored in the next models. 
Table 2, Model D, evaluates the controlled effects of childhood adversity on 
initial status and rates of change in self-rated health, controlling for the effects of other 
health predictors such as chronic condition (0/1), BMI over 30 (0/1), and smoking 
status (0/1). The initial status for someone with below average adversity, no chronic 
condition, and a BMI under 30 is 9.191 (p<0.001). This decreases by 0.954 for 
someone with above average adversity (p<0.01), while controlling for the other health 
predictors. Somewhat surprisingly, a person with a BMI over 30 experiences an 
increase in initial status of 0.976 (p<0.01), while controlling for childhood adversity 
and other health measures in the model. Chronic condition and smoking do not 
significantly affect initial status. 
When controlling for childhood adversity and other health measures, the rate of 
change becomes non-significant.  People with above average adversity report a 
significant increase of 0.324 in self-rated health over 20 years (p<0.05), while 





Participants with a BMI over 30 experienced a significant decrease of 0.519 in self-
rated health (p<0.01), while controlling for adversity and other health measures. 
Similarly, people who smoke experienced a significant loss of 0.419 (p<0.01) 
overtime, while controlling for other variables in the model. Chronic conditions did 
not significantly affect rate of change. 
Again, by comparing the level-1 variance components from Model B and 
Model D, we find they are very stable because no time-varying variables have been 
added to the model.  Comparing the level-2 variance components from Model B and 
Model D, it would be best if there was decline indicating Model D explained more 
variance in initial status; therefore, further models are fit in order to hopefully better 
explain the level-2 variance. This is similar for the rate of change. Model D does not 
appear to do a better job explaining the rate of change than the unconditional growth 
model; therefore, further models will be fit to better explain the rate of change. 
However, the AIC and BIC continue to decrease from Model B to Model D, indicating 
Model D fits the data better than Model B. 
Personality and Personal Control 
 
Model E controls for the effects of personal control and all personality 
variables, none of which were found to significantly affect self-rated health’s initial 
status or rate of change. The interpretation of the intercept in Table 2, Model E is 
somewhat misleading because it represents the intercept for someone who is below 
average adversity, with no health issues, low in personal control, and low in all 
personality variables.  Someone with above average adversity experiences a decrease 





Again, surprisingly, someone with a BMI over 30 experiences a bump of 1 in their 
initial self-rated health (p<0.01), while controlling for other variables. Chronic 
condition and smoking do not seem to impact initial status. 
Similar to Table 2, Model C, when controlling for all variables in the model, 
change in self-rated health is not significantly related to change in linear time. People 
with above average adversity experience a positive slope of 0.327 (p<0.05), while 
controlling for other variables.  Indicating they see their future health improving more 
than those with below average adversity, individuals with a BMI over 30 or who 
smoke experience a decrease in their slope over time (p<0.01). Chronic condition, 
personal control, and all personality variables do not affect one’s rate of change in self-
rated health. The level-1 and level-2 variance components remain about the same, 
indicating Model D does not appear to do a better job explaining the variance then 
Model C. This is not surprising considering most of the variables added to the model 
were non- significant. The AIC and BIC both remain about the same. 
Full Model 
 
Model F of Table 2, which is essentially considered the final model, controls 
for all variables of interest both substantively and theoretically.  It is difficult to 
interpret the intercept of Model F with any substantive value; again, this is because of 
the sheer number of variables included in the model. As can be seen in Model F of 
Table 2, individuals with above average adversity experience a significant decrease in 
initial status of 1.105 (p<0.001), while controlling for all other variables.  BMI over 30 
appears to increase initial status of self-rated health by 0.912 (p<0.01), while 





compared to Whites, experience an increase in initial status of 1.540 (p<0.01), while 
controlling for other variables. Also counter to what was expected, income and 
education were both negatively related to initial status (p<0.05).  Chronic condition, 
smoking, personal control, all personality variables, gender, age, and marital status did 
not have a significant effect on initial status. 
Next, we move on to examine the impact of all variables on the rate of change 
or slope of self-rated health from all variables in Model F of Table 2. Individuals with 
above average adversity have a positive slope of 0.397 compared to individuals with 
below average adversity (p<0.01), while controlling for all other variables. People with 
a BMI greater than 30 or who smoke have negative slopes (p<0.01); indicating a 
greater rate of decline in self-rated health for individuals with a BMI over 30 or who 
smoke. Somewhat surprising considering personality has not yet impacted self-rated 
health in the analyses, individuals high in neuroticism experience faster rates of decline 
in self-rated health (p<0.05), while controlling for other variables.  Females have a 
positive slope of 0.340, compared to males (p<0.05). Age is negatively related to 
change in self-related to health (p<0.01). Also, Blacks, compared to Whites, 
experience a decline of 0.544 over time (p<0.05). Income and education were both 
significant and positively related to change in self-rated health (p<0.001; p<0.01). 
Figures 2 and 3 compare the uncontrolled and controlled effects of adversity on 
self-rated health over 20 years.   Figure 2 graphically displays the uncontrolled, main 
effects of adversity on self-rated health. The predicted intercept for someone with 
below average adversity is significantly higher, but the rate of change is similar for 





self-rated health over 20 years from Model F of Table 2. The solid line, in Figure 3, 
represents individuals with below average adversity and the dotted line represents 
above average adversity. Individuals lower in adversity have the higher intercept; 
below average and average diversity rates decline at similar rates over the last 10 
years. Both groups rated their present health about 7; however, those low in adversity 
see their future health improving over the next ten years while those high in adversity 
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Participants lower in adversity rated their current self-rated health lower than 
the model predicted. While, people with higher adversity rated their current health 
better than the controlled growth curve model predicted. The model predicts those with 
low adversity should rate their current health about an 8; but they really rate it at a 7, 
indicating they believe their current health is worse than it should be. The model 
predicts those high in adversity should rate their current health at about a 6.9; they 
actually rated their current health at about a 7.4; indicating they believe their current 
health is better than the model would have predicted. This, combined with the fact that 
they see their future health improving, could be because individuals with higher 
adversity have developed a sense of resiliency or perhaps because they are simply more 
optimistic. It could also be due to a ceiling effect, meaning participants in good health 
already rated their health so high that there is no “room” left to see their health 
improving in the future.  The only way for their health to change is for it to decrease. 
Figures 4 and 5 compare the uncontrolled and controlled effects of race on self-
rated health over 20 years.  Figure 4 graphically displays the uncontrolled results of the 
effect of race on self-rated health over 20 years;  in other words, the single, main effect 
of race.  Counter to what was expected, Blacks’ self-rated health is higher than Whites 
and both decrease at similar rates over time. The controlled effects of race, meaning the 
effect of race on self-rated health while all variables from Model F of Table 2 were also 
included in the model, are shown in Figure 5.  The relationship between race and self-
rated health becomes more complicated when all the control variables are added to the 
model. Blacks’ previous health starts off better than Whites but Whites actually see 




Alternatively, Blacks tend to see their future health improving over the next ten years 
and Whites see it remaining about the same.  Blacks rated their current health as better 
than the model predicted; in other words Blacks feel their current health is better than it 
“should” be. While Whites believe their current health to be worse off than it “should” 
be. Again, this points to a sense of resiliency or optimism. 
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Figures 6 and 7 compare the uncontrolled and controlled effects of income on 
self-rated health over 20 years. Figure 6 graphically displays the uncontrolled main 
effect of income on self-rated health over 20 years. Individuals with above average 
income have higher self-rated health at every time point. This relationship appears to 
increase over time. Meaning, individuals with below average income experience a more 
drastic decrease in self-rated health over time compared to those with above average 
income. 
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Next the controlled effects of income on self-rated health over 20 years from 
Model F of Table 2 are examined in Figure 7.  Those with higher income see their 
health over the previous 10 years remaining steady at about 7.4. They also see their 
future health over the next 10 years remaining steady at about 7.6  Both groups have 
similar intercepts; however, the model predicts a steady decrease in health over the last 
10 years. Those with low incomes do not rate their current health significantly lower; 
again the model predicts a drastic decline over the next 10 years. This is particularly 
interesting because those with low income have the lowest predicted health of any 
model, yet individuals with low income rate their present health almost as high as those 
with higher incomes. Again, it is possible that they are more resilient or maybe this is 
due to relative deprivation (Smith et al. 2012). In other words, maybe those with low 
incomes do not “feel” they are in worse health compared to those around them, even 
though the model predicts they should be. 
The only personality variable found to affect self-rated health over 20 years 
was neuroticism; therefore, figures 8 and 9 compare the uncontrolled and controlled 
effects of neuroticism on self-rated health over 20 years. The uncontrolled, main 
effects are displayed in Figure 8. Individuals high in neuroticism have significantly 
lower self-rated health at every time point. This relationship becomes more dramatic as 
individuals age. Figure 9 displays the controlled effects of neuroticism, from Model F 







First we must note that at every time point individuals low in neuroticism have 
better self-rated health. Individuals high in neuroticism experience a steeper, negative 
slope for previous health over the last 10 years. The slopes for future health over the 
next 20 years are about the same. Both groups rated their current health as worse off 
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Figure 10 graphically displays the uncontrolled, main effect of BMI on self-
rated health.  Those with BMI under 30, the solid line, have better self-rated health at 
any given time point. This relationship becomes slightly more pronounced in later life. 
Figure 11 graphically displays the relationship between the controlled effects of BMI, 
from Model F of Table 2, and self-rated health over 20 years. Both groups actually 
follow similar health patterns over the last 10 years. However, those with high BMI see 
their health increasing in the next 10 years, while those with lower BMI see their future 
health declining. Therefore, those with high BMI seem to be more optimistic about their 
future health. Perhaps this is because BMI is a health issue that can be changed in the 
future. 
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Next, the controlled effects of adversity and race are graphically displayed in 
Figure 12.  Solid lines represent predicted results when childhood adversity is high and 
an individual is Black. Dotted lines represent predicted results when adversity is low and 
an individual is Black. Dashed and dotted lines represent predicted results for high 
adversity and white. Dashed lines represent predicted results for low adversity and 
White. We expected the dashed line, White individuals low in adversity, to have the 
highest intercept; however, the dotted intercept, Black individuals with low adversity, is 
the highest on the left. The same individuals also have the largest predicted decline over 
time.  Individuals who fell into the high adversity, White group had the lowest intercept 
and current health; however, they saw their future health over the next 10 years 
improving. High adversity and Black, also had a positive slope both for future and 
Low BMI High BMI 













previous health; thus, both groups seem rather optimistic about their health. Low 
adversity and White did not show much change in health over the last 10 years. What is 
interesting is that their future health over the next 10 years declines below individuals in 























Effects of Specific Adversities 
 
Table 3 examines which specific types of adversity might have the most impact 
on self- rated health over 20 years. First the intercepts are examined based on the type 
of adversity reported. The initial status for an individual who did not experience any 
adversity in childhood is roughly 9 out of 10 (p<0.001). Table 3, the only clear pattern 
that evolves based on adversity is for poor mental and physical health at age 16. 
Someone who reported poor physical health at age 16 has a decrease in initial status of 
2.175 (p<0.001). Similarly, an individual with poor mental health at age 16 has a 
High Adversity, Black 
Low Adversity, Black 
High Adversity, White 
Low Adversity, White 







decrease of 1.197 (p<0.001) in initial status. Physical abuse by mother also decreases 
initial status by 1.202 (p<0.01).  Counter to what was expected, physical  abuse by 
father was found to increase initial status by 0.942 (p<0.01). None of the other types of 
adversity significantly impacted initial status. 
Table 3. Analysis of intercepts and slopes of self-rated health trajectories. 
Fixed Effects 
Initial status   
 Intercept 9.320*** (0.352) 
 Welfare 0.0488 (0.302) 
 Low Parental Education 0.170 (0.235) 
 Worse Off 0.511 (0.429) 
 Lack of Male in Household 0.320 (0.330) 
 Parental Divorce -0.325 (0.332) 
 Emotional Abuse by Mother -0.295 (0.294) 
 Emotional Abuse by Father 0.133 (0.279) 
 Emotional Abuse by Sibling -0.289 (0.268) 
 Emotional Abuse by Other -0.247 (0.289) 
 Physical Abuse by Mother -1.202** (0.444) 
 Physical Abuse by Father 0.942* (0.388) 
 Physical Abuse by Sibling 0.347 (0.333) 
 Physical Abuse by Other -0.388 (0.432) 
 Poor Physical Health at 16 -2.175*** (0.570) 
 Poor Mental Health at 16 -1.197*** (0.354) 





Rate of change   
 Intercept -0.927*** (0.169) 
 Welfare -0.089 (0.145) 
 Low Parental Education -0.102 (0.113) 
 Worse Off -0.223 (0.206) 
 Lack of Male in Household -0.155 (0.158) 
 Parental Divorce 0.312* (0.160) 
 Emotional Abuse by Mother 0.011 (0.141) 
 Emotional Abuse by Father -0.119 (0.134) 
 Emotional Abuse by Sibling 0.198 (0.127) 
 Emotional Abuse by Other 0.127 (0.137) 
 Physical Abuse by Mother 0.612** (0.213) 
 Physical Abuse by Father -0.526** (0.186) 
 Physical Abuse by Sibling -0.242 (0.207) 
 Physical Abuse by Other 0.081 (0.207) 
 Poor Physical Health at 16 0.750** (0.274) 
 Poor Mental Health at 16 0.468** (0.170) 
 Parental Death 0.245 (0.168) 
Variance 
Components   













 Covariance -1.545* (0.067) 
Goodness-of-fit   
 AIC 5879.100 
 BIC 6081.904 
* p<0.05, ** p<0.01, *** p<0.001 
 
 
Next the slopes are examined based on the type of adversity reported.   Based 
on the slope of the intercept, you can see that health decreases by 0.927 over time and 
this is statistically significant (p<0.001). Somewhat surprisingly, physical abuse by 
father in childhood is the only adversity that decreases one’s slope (p<0.01). Parental 
divorce (p<0.05), physical abuse by mother (p<0.01), poor physical health at age 16 
(p<0.01), and poor mental health at 16 (p<0.01) increase one’s slope. This is 
interesting because it alludes to the idea that individuals who experienced these types 
of adversity in childhood may be more optimistic about their future health or have 
developed a strong sense of resilience. Examining the variance components, AIC, or 
BIC of the model without having anything to compare them to does not really tell us 
much about the model; therefore, interpretation is difficult. 




Table 4 includes five multiple regression models that examine the main effects 
of previous and future self-rated health from Time 1, as well as a number of other 
covariates of interest on self-rated health at Time 2. This is important because one of 
the major research questions of interest is whether our evaluations of our health, both 




evaluations of our health impact self- rated health 7 years later at Time 2. Model A, the 
intercept for self-rated health, controlling for previous health evaluation, is 2.634 
(p<0.001). As expected, previous self-rated health has is positively related to self-rated 
health at time 2, indicating if someone views their previous health positively, they are 
significantly more likely to rate their health better at Time 2 (p<0.001). Similarly, in 
Model B, future health is positively related to self-rated health at Time 2 (p<0.001). 
For every one unit change in future self-rated health, self-rated health at Time 2 
increases by 0.218. This is interesting because individuals who are more optimistic 
about their future health appear to rate their health better in the future compared to 
individuals who are more pessimistic about their future health. 
Table 4.  Multiple regression models of time 2 self-rated health. 
                                            Model    
 (1) (2) (3) (4) (5) 
































Childhood Adversity    0.034 (0.048)  
Personal Control    -0.094 (0.094)  
Neuroticism    -0.029 (0.123)  
Extraversion    -0.048 (0.178)  
Openness    -0.075 (0.176)  
Conscientiousness    -0.006 (0.189)  




Female    0.161 (0.159) 
0.136** 
(0.134) 
Age    0.007 (0.006) 
-0.004 
(0.002) 
Black    -0.119 (0.304) 
-0.274* 
(0.129) 
Income (log)    0.138 (0.092) 
0.103*** 
(0.025) 
Education    -0.002 (0.035) 
0.045*** 
(0.009) 















𝑅𝑅2 0.034 0.157 0.216 0.287 0.245 
AIC 13107.730 12479.570 4675.462 391.731 4373.926 
BIC 13120.610 12492.450 4708.385 449.059 4439.144 
 * p<0.05, ** p<0.01, *** p<0.001 
 
 
Model C controls for other health covariates that may impact self-rated health 
at Time 2. Previous and future health are both still significantly related to health at 
Time 2 (p<0.001), when controlling for chronic condition, BMI over 30, and current 
smoker. As expected, chronic condition, BMI over 30, and being a smoker were all 
negatively related to Time 2 self-rated health (p<0.001). Model D includes all other 
covariates of interest. Personal control, personality characteristics, and childhood 
adversity do not appear to impact self-rated health at Time 2 and cause problems with 
colinearity; thus they are dropped from the model in Model E. 
Model E is considered the final model.  Model E, controlling for all variables, 
the intercept of self-rated health at Time 2 is 1.571 (p<0.001). Again, previous and 
future self-rated health evaluations are positively related to self-rated health at Time 2, 
when controlling for all other variables of interest (p<0.001). Chronic condition, BMI 




Consistent with what is expected, women rate their health significantly better by 0.136 
(p<0.01), compared to men. Being Black is negatively related to self-rated health and 
decreases individuals self-rated health by 0.274 (p<0.05). Income and education are 
positively related to self-rated health (p<0.001). 
Chronic Health Problems 
 
In order to gain a full picture of how previous and future health evaluations 
from Time 1 impact health later in life, Table 5 examines how these and other 
covariates are related to chronic health problems at Time 2. Model A, previous health 
is negatively related to chronic health conditions at Time 2 (p<0.01); meaning if 
individuals rated their previous health at Time 1 above average they are less likely to 
report having a chronic condition at Time 2. We can see similar results in Model B for 
future health; if individuals rated their future health positively than they are less likely 
to have a chronic condition at time 2 (p<0.001).  This could be a reflection of better 
health or could be the result of positive thinking about the future. Model C controls for 
BMI over 30 and whether someone is a current smoker at time 2 in order to better 
understand how previous and future health evaluations are related to chronic conditions 
at Time 2. When controlling for these other health covariates, the main effect of 
previous health falls away; however, the main effect of future health is still significant 
and negatively related to chronic health conditions (p<0.001). This indicates there may 
be some additional benefits from thinking positively about one’s future health. Not 







Table 5.  Regression models of chronic health problems. 
                                               Model 
 (1) (2) (3) (4) (5) 




























Childhood Adversity    -0.0155 
(0.003) 
 
Personal Control    0.003 
(0.041) 
 
Neuroticism    0.035 
(0.054) 
 
Extraversion    -0.062 
(0.078) 
 
Openness    0.013 
(0.077) 
 
Conscientiousness    0.044 
(0.075) 
 
Agreeableness    0.057 
(0.073) 
 


































𝑅𝑅2 0.007 0.023 0.031 0.144 0.074 
AIC 4242.419 4179.520 1762.930 142.221 1639.191 
BIC 4254.960 4192.520 1790.366 196.532 1698.975 








Model D of Table 5 adds in all other controls and would be considered the final 
model; however, many of the controls added to the model are non-significant and thus 
are dropped from Model E, which is the considered the full model. In Model D, when 
controlling for all other covariates, the main effects of previous and future health 
disappear. BMI over 30 is still positively related to chronic health issues (p<0.05), but 
none of the other controls are significant. The intercept in Model D is also not 
significant, which could be an indication of poor model fit; thus, childhood adversity, 
personal control and all personality covariates are dropped from the final model. In 
Model E, future health is negatively related to chronic conditions at Time 2 (p<0.001). 
BMI over 30 (p<0.001) and age (p<0.001) are both positively related to chronic health 
issues. Females are significantly more likely to report a chronic health problem 
compared to males (p<0.001). 
BMI 
 
Table 6 explores whether previous and future health evaluations from Time 1 
impact one’s likelihood of having a BMI over 30 at Time 2. Similar to the results for 
chronic condition, previous health evaluations are negatively related to BMI over 30 
(p<0.001); meaning someone who rated their previous health over the last 10 years 
above average at Time 1 is significantly less likely to have a BMI over 30 at Time 2. 
This can be found in Model A of Table 6. Model B examines the main effect of future 
health. Someone who rates their health over the next 10 years above average at Time 1 
is significantly less likely to report a BMI over 30 seven years later at Time 2 
(p<0.001). This is also the case in Model C, while controlling for chronic health 




significantly better health relative to others or there could be some positive effect of 
thinking optimistically about one’s future health. As expected, having a chronic 
condition is positively related to BMI over 30 (p<0.01) and smoking is negatively 
related (p<0.001). 
Table 6.  Regression models of BMI greater than 30. 
                                            Model    
 (1) (2) (3) (4) (5) 



























Childhood Adversity    -0.007 (0.026)  
Personal Control    0.015 (0.051)  
Neuroticism    0.073 (0.066)  
Extraversion    -0.053 (0.093)  
Openness    -0.010 (0.095)  
Conscientiousness    -0.183 (0.101)  
Agreeableness    0.147 (0.089)  
Female    -0.176* (0.085) 
-0.046* 
(0.023) 
Age    -0.003 (0.004) 
-0.003** 
(0.001) 
Black    0.074 (0.163) 
0.141* 
(0.065) 
Income (log)    0.021 (0.050) 
0.012 
(0.013) 
Education    -0.014 (0.019) 
-0.021*** 
(0.005) 
Married    -0.084 (0.084) 
-0.027 
(0.024) 













AIC 4574.168 4514.764 2183.011 206.285 2047.395 
BIC 4586.596 4527.192 2210.447 260.596 2107.178 
* p<0.05, ** p<0.01, *** p<0.001 
 
Similar to the results from chronic condition, Model D of Table 6 adds in all 
other covariates of interest, but as you can see, previous health experiences a sign 
change and the intercept is non-significant, which both indicate poor model fit.  Thus, 
adversity, personal control, and all personality variables were dropped from the model 
since they were not helping to explain BMI over 30 at time 2. In Model E, which is 
considered the final model, future health is significant and negatively related to BMI 
over 30 at Time 2 (p<0.001). Having a chronic health condition is positively related to 
BMI over 30 (p<0.001) and smoking is negatively related (p<0.001).  Women are 
significantly less likely to have a BMI over 30 (p<0.05) compared to men. Age is 
negatively associated with BMI over 30; therefore, as we age we are significantly less 
likely to report a BMI over 30 (p<0.01).  Blacks are significantly more likely to report 
a BMI over 30 (p<0.05), compared to Whites. Lastly, education is negatively 
associated with BMI over 30 (p<0.001). 
Activities of Daily Living 
 
Table 7 explores how previous and future health evaluations, as well as other 
covariates, are associated with problems in activities of daily living, such as doing the 
dishes or laundry.  Model A of Table 7 explores the main effects of previous health 
over the last ten years. It is negatively related to ADL problems; thus if someone rates 
their previous health above average, they are significantly less likely to report ADL 




optimistic someone is about their future health, the less likely they are to report ADL 
problems at Time 2 (p<0.001). This can be seen in Model B of Table 7. According to 
Model C of Table 7, this remains true even when controlling for chronic health 
conditions, BMI over 30, and smoking at Time 2. Both previous (p<0.05) and future 
health (p<0.001) evaluations are negatively related to ADL problems in Model C. 
Further, chronic conditions (p<0.001) and BMI over 30 (p<0.001) were both positively 
related to ADL problems at Time 2. 
Table 7.  Regression models of instrumental ADL problems. 
                                            Model    
 (1) (2) (3) (4) (5) 
































Childhood Adversity    -0.001 (0.029)  
Personal Control    -0.033 (0.058)  
Neuroticism    -0.050 (0.076)  
Extraversion    -0.056 (0.106)  
Openness    -0.074 (0.108)  
Conscientiousness    -0.208 (0.115)  
Agreeableness    0.039 (0.102)  
Female    -0.102 (0.097) 
0.058* 
(0.029) 
Age    -0.007 (0.004) 
0.008*** 
(0.001) 
Black    0.457* (0.186) 
0.222** 
(0.084) 





Education    -0.010 (0.022) 
-0.029*** 
(0.006) 
Married    -0.149 (0.096) 
0.057 
(0.031) 









𝑅𝑅2 0.011 0.068 0.124 0.311 0.182 
AIC 7018.736 6786.719 3215.025 245.302 2844.729 
BIC 7031.268 6799.251 3247.927 302.630 2909.919 
* p<0.05, ** p<0.01, *** p<0.001 
 
Similar to the previous models, Model D, while it has the highest 𝑅𝑅2 value, is 
somewhat unreliable because it includes many variables of non-significance and the 
intercept is also non- significant; thus Model E is considered the final model. Model E, 
the intercept, while controlling for all other covariates of interest, is roughly 1.8, which 
indicates on average people have problems with about 2 activities of daily living. Both 
previous self-rated health and future self- rated health from Time 1 are negatively 
related to ADL problems at Time 2 (p<0.001). Having a chronic condition (p<0.001), 
BMI over 30 (p<0.001), and smoking (p<0.05) at Time 2 are all positively associated 
with ADL problems. Women are significantly more likely to report ADL problems, 
compared to men (p<0.05). Age is also positively associated with ADL problems 
(p<0.001). Blacks, compared to Whites, are significantly more likely to report having 
problems with ADL’s (p<0.01). Income and education are both negatively associated 
with ADL problems; thus the higher one’s income and education, the less likely a 









The present study attempts to link a number of life course events that may 
influence later life health, in order to better understand the algorithm of life course 
health events. These life course events are defined as the cumulative number of 16 
different types of adversities that an individual may have experienced before the age 
of 16. These adversities include receipt of welfare; less than a high school education 
for father (or mother in households in which father was not present); report of being 
“worse off” than other families; lack of a male in the household; parental divorce; 
death of a parent; physical abuse at the hands of a mother, father, siblings, or other 
person; emotional abuse by any of the same parties; and reported “fair” or “poor” 
physical health and mental health at age 16. The average number of adversities is 
about four. Twelve was the most adversities reported by any one individual. I start by 
reviewing how the cumulative effect of adversities may influence one’s perceptions of 
their health later in life.  Next, the different types of specific adversities were 
examined. The present study also examines whether personality traits, personal 
control, sex, age, race, income, education, or marital status affect health in later life 
over 20 years. Further, it explores whether our perceptions of our health in the future 
impact our health later in life. 
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Review of the findings 
 
In general, the more adversity one experienced, the poorer one rated their 
health at each time point.  The present research uses self-rated health as a dependent 
variable.  Self-rated health is a global measure of health and encompasses both 
subjective and objective ideas about one’s health. Similar to results found recently by 
Nom and colleagues (2014), we found support for adversity leading to poorer health in 
later life. Nom and colleagues (2014) found that early life adversity was associated 
with increased risk for cardiometabolic risk and 8 different chronic later life 
conditions. The present research supports this line of thinking by taking it a step 
further than subjective health measures. We found, not only are people with increased 
early life adversity more likely to be in poor health, but they also feel and/or perceive 
they are in worse health. 
Contrary to what was expected, Whites rated their health as worse compared 
to Blacks. Individuals with higher income, those with BMI under 30, and those low in 
neuroticism all rated their health higher than their respective counter parts. Those with 
low adversity and Whites tend to see their current health as worse than the model 
statistically predicts it should be. In other words, they think their current health is 
poorer than statistically expected. So it would seem individuals with low adversity and 






Individuals with higher adversity, Blacks, those with low income, and those 
with lower BMI tend to see their current health as better than the model would 
statistically predicts.  Therefore, these individuals seem to display a sense of resiliency 
that allows them to be optimistic about their future health status. 
The specific effects of any given type of adversity on self-rated health were 
also considered. Results reveal that, contrary to expected, the only types of adversity 
that had significant effects on previous self-rated health are physical abuse from 
mother and father, poor physical health at age 16, and poor mental health at age 16. 
Interestingly, physical abuse from mother and physical abuse from father have 
differing effects on previous self-rated health.  Physical abuse from mother has 
negative effects on previous self-rated health and physical abuse from father has 
positive effects on previous health. However, physical abuse from mother increases 
one’s trajectory for future health. Physical abuse from father decreases one’s future 
self-rated health. Therefore it is unclear whether physical abuse from mothers or 
physical abuse from fathers is worse.  Both have detrimental effects. 
Poor physical or mental health at age 16 both have detrimental effects on 
previous self- rated health. Individuals who experienced either type of adversity had a 
lower previous health rating. However, individuals with poor mental or physical health 
at age 16 were much more optimistic about their future health, compared to those who 





A number of less subjective health variables from Time 2 were also 
examined. I found similar results for chronic health problems, BMI over 30, and 
ADL problems. All were negatively related to previous self-rated health and future 
self-rated health. Therefore, the likelihood of any negative health outcomes decreases 
as one’s previous and future predicted health increase. This is important because 
perception about how our health might change appears to be influencing our actual 
physical health later. 
Recent research has found benefits of the shift-and-persist. The shift-and-persist 
approach stems from individuals desire for control over their environments.  However, 
there are times when this type of control cannot be found given one’s life 
circumstances and so in order to deal with this, individuals engage is shift-and-persist. 
The shift-and-persist approach involves an individual reevaluating present 
circumstances with a future orientation and believing one’s environment will improve 
in the future (Chen et al. 2012). The present research found little support for the shift-
and-persist model. Individuals with high BMI saw their health improving in the future, 
but this was the only group where evidence for a shift-and-persist approach was found. 
It seems individuals who are overweight may reassess their present situation using their 
goals for the future to make it better.  In this case the shift-and-persist model seems to 
apply. 
Daskalakis and colleagues (2013) put forth a three-hit model of vulnerability 
and resilience. “The three-hit (i.e., hit-1: genetic predisposition, hit-2: early-life 
environment, and hit- 3:later-life environment) concept accommodates the cumulative 
stress hypothesis stating that in a given context vulnerability is enhanced when failure 
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to cope with adversity accumulates” (Daskalakis et al. 2013:1858). The present 
research provides support for hits 2 and 3. Early-life adversity lead to poorer later life 




Does early adversity really create resiliency, meaning you can better fight off 
adversity, or does it just make us “feel” we are resilient and therefore, we do not notice 
the negative effects of the adversity? Are people who experienced adversity and 
overcame really better off as far as their health is concerned? This is the central 
question of resiliency. It is very hard to answer this question however, because how is 
resiliency to be measured? Well one can think of a number of issues with this. First, 
people compare to others. If they feel they are doing better than those around them, 
they are likely to say they feel good, even though they may physically not be very 
healthy.  Second, different people will define health in different ways.  Some people 
may say they are healthy with 5 chronic conditions and others would think 5 chronic 
conditions is a lot and feel they are unhealthy. Lastly, we have no real measure of 
health to compare to. We could just take a biological measure of health to assess how 
healthy people are. On the face of things, this seems more logical and easier to achieve; 
however, this excludes the way people feel. Based on previous research and the 
present study, we know that the way people feel about their health matters and can 
affect their health. So the idea is that somehow we would have to measure and 
accurately combine both biological and psychological reasons to explain people’s 
health. Then we would have to somehow tease out each to explain resiliency and 
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health. This is almost an impossible task; however, we have to start somewhere and 
that is why this type of research, which combines both physical and psychological 
explanations, over the life course, is so exciting. 
There is an ongoing debate about how much resiliency can deter the detrimental 
effects of negative life events. Bandura (1977) and social learning theory would seem 
to suggest that we can learn to be resilient in the face of the negative things in life 
around us by overcoming them and achieving our goals.  For someone who is able to 
overcome and achieve, they learn to be more internally reliant and, therefore, believe in 
themselves. However, those who are not able to overcome, develop an external sense 
of personal control. This belief does not challenge one to overcome obstacles in the 
future, making one want to sit back and relax because there is nothing you can do about 
it anyway. With this belief of not having control as one’s central focus, it is no wonder 
these people are not able to overcome future obstacles in life. 
Individuals with higher adversity, Blacks, those with low income, and those 
with lower BMI, tend to see their current health as better than the model statistically 
predicts it will be at Time 2. Therefore, those whose health is predicted to be poorer at 
Time 2 seem to display a resiliency that allows them to be more optimistic about how 
they are currently feeling seven years later. It may be that individuals who 
experienced some type of early life adversity, while actually being in poorer health or 
worse circumstances than their better off counterparts, do not realize they are worse 




with those around them (I am better off than my neighbor who can’t walk…). This 
could also be due to a psychological resilience that allows them to remain positive in 





We understand some of the mechanisms linking childhood adversity to 
negative health outcomes; however, many are not understood at all or have not even 
been identified yet. The present study explores the link between early life adversity 
and later life health, as well as many of the mechanisms we know to be important, such 
as race, gender, income, and education. The links between personal control, 
neuroticism, extraversion, openness, conscientiousness, and agreeableness and later 
life health were also explored. However, there are many other mechanisms across the 
life course that affect one’s health. Drug use, adult mental illness, sexual history, job 
history, and family size are all mechanism that could link early life adversities to 
poorer health in later life. Future research would benefit from exploring these other 
mechanisms in order to better understand what I have been referring to as the life 
course “algorithm” of health. 
Ceiling Effects 
 
Many individuals in the present sample rated their health between 8 and 10, 
not leaving much “room” for their future health to improve, which could lead to some 
bias among the results. This is typically referred to as a ceiling effect. This simply 
means the model errs more on the side of caution. Therefore, future research could 




In order to intervene when and if these early life adversities occur, more 
longitudinal research is needed to examine the issues properly, more longitudinal data 
needed. In order to properly understand how childhood problems affect adult health, 
participants would have be followed from conception to later life. Since the MIDUS 
data do not follow participants for that long, we attempt to better understand these 
issues through scientific models that allow us to control for correlations over time, like 
the model used here. Therefore, until these data do exist and we can be sure we are 
controlling for all mechanisms that may link the two over the life course; we must try 
to understand it piece by piece. The present research does attempt to link numerous 
pieces of the puzzle together, from early life adversities, race, gender, and personality, 
to later life health. 
Limited research has studied the links between personality, SES, and health 
using longitudinal data and it is often hard to disaggregate these concepts (Chapman et 
al. 2011). Recent research found that personality accounts for less than 20% of the 
association between low SES and mortality (Chapman et al. 2010; Van Oort, Lenthe, 
and Mackenbach 2005; Nabi et al. 2008). On the other hand, in twin studies, the 
genetic component has been found to explain almost 60% of the variation in health 
(Silventoinen et al. 2007). Some of the negative effects of low SES appear to be offset 
by adaptive personality traits. However, both personality and SES exert independent 




psychological mechanisms by which underlying genetic and environment effects 
predispose certain people to engage in healthy or unhealthy behaviors over the life 
course” (Eaton et al. 2012:480). 
Obtaining accurate accounts of adversity in childhood remains a major issue for 
researchers. Documented evidence of abuse or neglect is rarely available (Ammerman 
1998). Retrospective reports of any kind of adversity, including abuse and neglect, 
present potential problems because these reports are dependent on a person’s current 
mental state, repression of traumatic events, and general problems with forgetting 
(Lysaker et al. 2005). Therefore, panel data over the life course would eliminate any 
retrospective bias in reporting on the independent variable of interest, childhood 
adversity. 
Using panel data would also allow exploration into the timing of such events in 
a person’s life. Literature on the life course and development often refers to critical 
periods of development. “A critical period refers to a window of time during the life 
course when a given exposure has a critical or even permanent influence on later 
health” (Braveman and Barclay 2009:163). According to the Barker hypothesis, 
critical periods can even occur in the womb where fetal or biological programming can 
occur. Certain exposures during fetal programming can permanently alter particular 
organ structures and metabolic functioning (Barker 1992). If the adverse childhood 
experiences being studied occurred during a critical period of development there might 
be more enduring or detrimental effects on a person’s health and using panel data over 
the life course would allow exploring of this issue. 
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Longitudinal data over the life course would also be able to address the 
cumulative effects of adverse childhood experience on health as well as how changes 
in personality and sense of personal control may exacerbate or improve health 
outcomes. Cumulative effects are the result of accumulation of risk. Long-term 
damage can be done to one’s health “…through the compounding of environmental, 
socioeconomic, and behavioral exposures to risk over the life course” (Ferraro et al. 
2009:421).   If I had panel data on childhood adversities, health, and other 
demographics, I could examine how the additive effects of adversity could lead to 
poorer health outcomes over the life course, particularly for individuals who were of 
low SES over the life course. On the other hand, I could also examine how the 
additive effects of positive life events or improvements could lead to resilience and 
possibly improve health outcomes over the life course. 
Personality has been thought to remain relatively stable throughout the life 
course.  However, recent research has found that changes in personality can influence 
health outcomes. Personality change is associated with substance abuse (Hampson et 
al. 2010), obesity (Siegler et al. 2003) and mortality (Mroczek and Spiro 2007). 
Further, becoming more agreeable, neurotic, or open is associated with lower self-
rated health (Turiano et al. 2012).  Therefore, it is important to examine how changes 






It is important to gain a better understanding of what environmental influences 
are associated with changes in personality traits. For example, does getting divorced 
lead to personality changes that could be detrimental to one’s health?  Sense of 
personal control is also believed to be relatively stable over the life course. Perhaps the 
death of loved one in later life can lead to changes in one’s sense of personal control 
and this could have negative consequences both on health behaviors and health 
outcomes. 
In Elder’s study of the children of the greater depression (1974), he addresses 
how individuals construct their own life circumstances by the choices they make and 
the behaviors they choose. However, we must not forget that individuals can only take 
advantage of the opportunities that are available to them. Perhaps early life adversity 
limits the range of opportunities available, but with longitudinal data, one could 
examine the choices people make in order to better understand how people create their 
own environments. Perhaps, even if someone experienced early life adversities, they 
have a certain personality type that makes them more resilient, and consequently, they 
take better advantage of the limited opportunities available to them and improve their 
circumstances, while someone else might make choices that would put them further 
“behind” in life. I could address questions like these using a longitudinal data set with 
measures of personality, demographics, and health over the life course. 
Diverse Sampling 
 
While I did have enough Blacks in the sample to make racial comparisons 
between Blacks and Whites, the study used an over sampling of minorities; therefore, 
it should be noted that there may be some issues with reliability of the sample of 
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minorities used in the present study. However, similar research has been conducted 
using the same sample and their conclusions were also in line with previous research, 
so this is a minor issue within these data.  
Cohort and Historical Time Effects 
It is important to remember that the sample used here includes a variety of 
ages; therefore, cohort and historical time effects are important to consider and cannot 
be ruled out. For example, those over 50 may have a systematically different view of 
their health based on being over 50. Those that were under the age of 16 during an 
economic down turn may systematically have more childhood adversity compared to 
those who did not grow up during a depression. While this is beyond the reach of the 
present study, future research may benefit from exploring a variety of cohort and 
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